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Abstract: Emotion is a state that comprehensively represents human feeling thought and behavior thus takes
an important role in inter-personal human communication. Emotion recognition aims to automatically
discriminate different emotional states by using physiological and non—-physiological signals acquired from people
in order to develop friendly and natural human-machine interface. EEG-based emotion recognition is one of the
most common used and efficient methods for emotion recognition. This paper introduced the state-of-the-art
techniques the read-world applications and some critical problems of EEG-based emotion recognition from the
aspects of EEG signals recording signal preprocessing feature extraction feature selection and classification

methods.
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Fig.4 Comparison of the EEG signals before artifact removal ( a) and after artifact removal ( b)
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Fig. 6 Relationship between the emotion
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