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Abstract How to retain the knowledge learned before and how to acquire new knowledge are two problems
for incremental learning. In this paper, some ensemble learning algorithms are applied to incremental
learning and a modularized incremental learning model is proposed. The possibility of applying behavior
knowledge space (BKS), dynamic classifier selection (DCS), and majority voting (MV) to incremental
learning is investigated, and a new algorithm BKS based on DCS (BoD) is proposed. The simulation results
indicate that DCS is a good algorithm for incremental learning, BKS and MV are not as good as DCS while
BoD boosts BKS and works as efficiently as DCS does; The proposed incremental learning model can not
only completely retain the knowledge learned before, but also acquire the current new knowledge that

includes concept drift.
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2.3 Majority Voting (MV) 3 XBAHES
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2.4 BKS based on DCS (BoD) 5 ¥ B|MAE %
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