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Good Point Set Genetic Algorithm with Zooming Factor
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(Graduate University,Chinese Academy of Sciences, Beijing 100039, China)?

Abstract Good point set genetic algorithm has superiority in convergence speed,accuracy and overcome premature ef-
fectively by using the good point operator which is based on the principle of set in number theory. However, when the
length of chromosome is fixed,the discretization error is inevitable. Aiming at the domino phenomenon of convergence
from the highest position to lowest position of binary coding in good point set genetic algorithm,a zooming factor was
proposed to lengthen the length of chromosome indirectly to minimize the discretization error,so the search efficiency
and solution accuracy are improved as a result. The simulation results based on Benchmark test function of different di-
mensions verify that the proposed good point set algorithm with zooming factor has the advantage of global conver-
gence, high precision solution and search efficiency.
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