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Abstract: This paper investigates unsupervised phrase parsing for Chinese. It is the first time according to our best

knowledge that unsupervised data oriented (U-DOP) model described in [2] is fully and exactly re-implemented. Our
U-DOP implementation achieves the similar results on CTB as reported in [2]. Moreover, using the evaluation measure in
[3], our system achieves the highest F1 score among all the existing POS-sequence based unsupervised phrase parsing
models. We also give a detailed comparison between the performance of our U-DOP system and the unsupervised CCL
parser [13] in terms of prediction accuracy on different kinds of phrases.
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